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ABSTRACT: TenCIRCHEM is an open-source Python library for
simulating variational quantum algorithms for quantum computa-
tional chemistry. TENCIRCHEM shows high-performance in the
simulation of unitary coupled-cluster circuits, using compact
representations of quantum states and excitation operators.
Additionally, TENCIRCHEM supports noisy circuit simulation and
provides algorithms for variational quantum dynamics. TENCIRCH-
EM’s capabilities are demonstrated through various examples, such
as the calculation of the potential energy curve of H,O with a 6-
31G(d) basis set using a 34-qubit quantum circuit, the examination
of the impact of quantum gate errors on the variational energy of
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the H, molecule, and the exploration of the Marcus inverted region for charge transfer rate based on variational quantum dynamics.
Furthermore, TENCIRCHEM is capable of running real quantum hardware experiments, making it a versatile tool for both simulation
and experimentation in the field of quantum computational chemistry.

1. INTRODUCTION

Quantum computation leverages quantum effects to store and
process data, which could lead to a revolution in computational
chemistry.' > With the advent of noisy intermediate scale
quantum (NISQ) computing,® devices with tens of error-prone
qubits are increasingly becoming available for use to researchers
and the public.”~'? Since such devices are not capable of running
large-depth structured quantum algorithms, the question of how
to best utilize them to solve chemistry problems is of deep
scientific and commercial significance. In recent years, following
pioneering proposals such as the variational quantum
eigensolver (VQE),"" research has focused on variational
algorithms based on parametrized quantum circuits
(PQC)."*""" In the long term, the quantum phase estimation
(QPE) algorithm offers a promising route to evaluating the
energy of molecular systems, as it may potentially provide an
exponential advantage over classical full configuration inter-
action (ECI) treatment."'® However, compared with VQE, the
circuit depths required to run QPE are typically far too deep to
run on near-term quantum devices, making VQE the approach
of choice in the NISQ era.

VQE uses a parametrized quantum circuit to represent a
system’s wave function and works by tuning the circuit
parameters to minimize the energy variationally. In this setting,
the quantum circuit plays the same role as the ansatz in classical
quantum chemistry algorithms, and similarly, a variety of
different ansitze have been proposed. The first such proposal
was the disentangled unitary coupled cluster (UCC) ansatz,"'
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which is a variant of the classical coupled cluster method. While
disentangled UCC differs from the traditional UCC ansatz
developed for classical computers,'”'® for brevity, in the
following, we will omit the word “disentangled”. UCC is
known to be difficult to implement in classical computers, yet
the ansatz can be transformed into a PQC straightforwardly'”
and implemented on a quantum computer. While excitations are
commonly restricted to single and double excitations—a case
referred to as UCCSD—a number of other variants of UCC
have also been proposed.”’>* Another popular family of ansitze
is the hardware-efficient ansatz (HEA),”” which is designed to
be first and foremost easily implementable on a target quantum
hardware platform, and includes fewer quantum chemistry
heuristics compared to UCC. In addition to ground state
properties, such as molecular energy, chemists are also
interested in quantum dynamics.”* Under the PQC framework,
the time evolution of the circuit parameters can be determined
using time-dependent variational principles.”*

While the quality and availability of quantum computing
hardware continue to improve, the majority of real experiments
are currently still constrained to small numbers of qubits and
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very shallow circuits.”””” ™" Furthermore, optimizing circuit
parameters on real devices is challenging: gradient-based
methods are inefficient, as thezr rely on computing finite
differences or parameter-shifts,””>’ and both gradient and
gradient-free methods are susceptible to noise. These factors
mean that for the foreseeable future the classical simulation of
variational quantum algorithms will play an important role in
studying and analyzing their performance and viability.
Although a variety of simulation software is currently available,
opportunities remain to significantly improve efficiency,
functionality, and flexibility.

Here we introduce TENCIRCHEM, an efficient open-source
Python library for simulating variational quantum chemistry
algorithms designed to be easy to use as a black box while
allowing for a high degree of flexibility and customlzablhty
TenCIRCHEM is powered by TensorCircurr,”® a recently
released quantum circuit simulation package featuring an
advanced tensor network contraction simulation engine. A
recently developed algorithm to eficiently simulate the UCC
ansatz on classical computers®™ ™" is also implemented in
TeNCIRCHEM with notable performance optimizations. We
demonstrate how to use TENCIRCHEM by providing concrete
code snippets as well as links to online tutorials for features, such
as efficient UCC calculation, noisy circuit simulation, and
quantum dynamics simulation. In the examples, we include an
accurate UCCSD potential energy curve of the water molecule
corresponding to 34 qubits, the influence of quantum gate error
rate and measurement shots on VQE energy, the spin relaxation
dynamics of the spin-boson model, and much more.

The paper is structured as follows. In the rest of the section,
we briefly review variational quantum algorithms for quantum
chemistry and existing simulation packages. In section 2, we
present the overall architecture and workflow of TENCIRCHEM
with an emphasis on the related theoretical background.
Sections 3, 4, and S illustrate the features contained in the
TENCIRCHEM modules through code snippets and detailed
simulation examples.

1.1. Variational Quantum Algorithms for Quantum
Chemistry. Variational quantum algorithms for quantum
chemistry have been an active area of research since the original
VQE proposal."" For both ground state properties and quantum
dynamics, while details vary, proposed protocols typically
adhere to the following workflow:

Input. The input to the problem is the system Hamiltonian in
a second-quantized form. For electronic structure problems, this
can be expressed as

H=3
pPq

1
where h,, and h,,, = [pslgr] are one-electron and two-electron

integrals, and a,, and a,, are fermionic creation and annihilation
operators, respectively, acting on the p-th spin-orbital. E_ is the
nuclear repulsion energy. For quantum dynamics simulations,
the Hamiltonian varies from system to system, and may contain
only electronic terms”®*” or both electronic and vibrational
terms.’”*" The latter is termed vibronic-coupling Hamiltonians.

Conversion to Qubits. The Hamiltonian, either electronic or
vibronic-coupling, is converted into an N-qubit Hamiltonian of
the form

hoala +

gy + Z pqrsap“q“r“s + B

pqu

j )
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where the a; are real coefficients, M is the total number of terms,

and the Pj are Pauli strings of the form P} =0, ® o, ® ..o
where the 6, are single qubit Pauli operators or the identity. For

electronic Hamlltomans, the Jordan-Wigner transformation, ™
parity transformation™>** and Bravyi-Kitaev transformation**
are popular choices to perform this conversion. The Jordan-
Wigner and Bravyi-Kitaev transformations require one qubit per
spin-orbital, while the parity transformation can save 2 qubits,
relative to these other methods, due to electron number
conservation in each spin sector. For vibronic-coupling
Hamiltonians, the nuclear states also need to be encoded into
qubsits via unary or binary encodings.*

Choice of Ansatz. A parametrized ansatz state ly(6)) =
U(0)lyy) is selected, where U(6) is the unitary corresponding to
a quantum circuit characterized by a vector € of tunable
parameters and ly) is a chosen reference state or initial state.
The core role of quantum computers or quantum processing
units (QPUs) in variational algorithms is to use quantum circuits
to execute U() and prepare ly(0)). Thus, the ability of the
variational ansatz in expressing the system wave function is a key
factor impacting the accuracy of variational quantum algorithms
for quantum chemistry. For electronic Hamiltonians, the
proposed ansitze generally fall into unitary coupled cluster
(UCC) based approaches,""*"**™** and hardware-efficient
ansitze.”>*” ! For quantum dynamics simulation, the appro-
priate family of ansatz varies from system to system. The
variational Hamiltonian ansatz*”*° and adaptive ansatz’'
automate the task of constructing problem-specific circuit
ansatze.

Updating Parameters. In the case of VQE, because the true
ground state energy E, of the system gives a lower bound on the
energy expectation value (H)y := (w(0)IHIy(0)), (H)y is
minimized with respect to the parameters 8, which in turn gives
an upper bound on E,, i.e,,

E, < min(H),
[

The quality of this bound depends on the chosen ansatz. In
general, the function is nonconvex and one can only expect to
find a local minimum, which depends on the parameter
initializations and the optimization protocol used. For dynamics
problems, the parameters are propagated according to time-
dependent variational principles, of which McLachlan’s varia-
tional principle is among the most popular choices for quantum
computing.””** McLachlan’s variational principle minimizes the

distance between the ideal time derivative, -iHly(0)), and actual
time derivative %Il//(@))

(% + iH)Iy/(Q))H

min
o 3)
At each time step, @ = d0/0t is solved, and then 6 is evolved

numerically according to €. The equation of motion for 6, the
kth element in vector 6, is

k 4)
where
0
M, = el 2 Iy 1 S
/ 09]- 00, / 00] (s)
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Both Mj; and V; can be evaluated on a quantum computer with
one additional ancilla qubit via the Hadamard test.”* §, can then
be deduced using a standard linear equation solver on a classical
computer. After that, 0, is propagated in time with time step 7
either by the
O(t + 7) = 0,(t) + 10,(t) or more sophisticated initial value
problem solvers, such as Runge—Kutta solvers.

1.2. Existing Packages: Challenges and Opportunities.
A number of useful software packages are currently available that

simple forward Euler method

facilitate the research, design, and validation of quantum
computational chemistry algorithms. A variety of general
quantum computing packages, such as QisKir,>® PENNYLANE,™*
and MinpQuanTUM,” have modules or subpackages dedicated
to chemistry applications, and there are also stand-alone
quantum simulation packages that are mostly or completely
designed for quantum computational chemistry, such as
TeqQuiLLa,*® Q2 Cremistry,”” and QFortE.®

The efficiency and scalability of the packages depend crucially
on the underlying circuit simulation algorithm. The most
commonly encountered quantum circuit simulator is a state-
vector simulator, which is implemented in all simulation
packages mentioned above. By using a statevector simulator,
all (exponentially many with respect to the number of qubits)
amplitudes of the wave function are computed and stored. For
such simulators, the largest simulated UCC circuit to date
contains fewer than 30 qubits.”” In contrast, matrix product state
(MPS) simulators are able to tackle larger circuits, with around
100 qubits60’61 possible. Among the packages mentioned above,
QusKit, PENNYLANE, and Q2 CHEMISTRY have implemented the
MPS simulator. However, MPS simulation involves approx-
imations, which could be problematic for the validation of
quantum algorithms. Another challenge for software develop-
ment is noisy circuit simulation and interfacing with hardware.
These features can help researchers better understand the
behavior of quantum algorithms in real-world conditions,
facilitating the development of noise-resilient quantum algo-
rithms and better error mitigation techniques,‘w":’o’é2 which are
essential for building practical quantum computers. QISKit is
currently the only package capable of noisy circuit simulation as
well asinterfacing with quantum hardware. Furthermore, to the
best of the authors’ knowledge, quantum dynamics algorithms of
molecular systems are not implemented in any packages
currently available.

TENsORCIRCUIT is a recent open-source quantum circuit
simulator based on tensor network contraction which, in certain
cases, enables the simulation of up to 600 qubits without any
approximation.34 Differences between tensor network contrac-
tion simulators and MPS simulators are described in section 2.4.
TENsORCIRCUIT is built upon industry-leading machine learning
frameworks, such as JAX® and employs automatic differ-
entiation (AD), just-in-time (JIT) compilation, and vectorized
parallelism to accelerate simulation. TensorCIrculT also
possesses a fully fledged noise model that enables efficient
noisy circuit simulation. With its TenxsorCIRcuitT backend,
TENCIRCHEM provides a competitive option for developing and
analyzing quantum computational chemistry algorithms. The
role of TENSORCIRcUIT in TENCIRCHEM is described in more
detail in section 2.1.
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2. TENCIRCHEM OVERVIEW AND THEORETICAL
BACKGROUNDS

In this section, we provide a high-level picture of TENCIRCHEM
by introducing its architecture and typical workflow. In addition,
we present the theoretical background relevant to the code
examples found in sections 3, 4, and S.

2.1. Architecture and Workflow. Architecture. Ten-
CiRCHEM consists of two primary modules (Figure 1),

TenCirChem
|

Electronic Structure
Unitary Coupled-Cluster

Quantum Dynamics
Variational Hamiltonian Ansatz
PySCF + NumPy/CuPy/JAX TensorCircut + JAX TensorCircuit + QPU

Figure 1. Architecture of TENCIRCHEM. The electronic structure and
quantum dynamics modules are described in depth in sections 3, 4, and
S. See section 2.3 for more information about the supported ansitze.
For more details on engines and backends, see section 2.4.

Ansitze Hardware-Efficient Ansatz

“civector” “tensornetwork”

Backends

corresponding to the (i) electronic structure and (ii) quantum
dynamics. Both modules contain a set of prebuilt ansitze, and
user-specified custom ansitze are also supported. Due to the
popularity and unique mathematical structure of the UCC
ansatz, an eflicient simulation engine “civector” is
implemented specifically for its efficient simulation. The details
of the engine are included in the Supporting Information. In
short, the engine exploits particle number conservation to store
the system wave function in configuration interaction vector
(civector) form and uses UCC factor expansion to accelerate
simulation. This engine relies heavily on the FCI module of
PYSCF® for the construction and manipulation of the
configuration interaction vector. In addition, the gradient is
evaluated by autodifferentiation with reversible computing,
which is more memory-efficient than the traditional reverse-
mode autodifferentiation implemented in standard machine-
learning packages.”” The “tensornetwork” engine uses the
TENsORCIRCUIT tensor network contraction kernels to perform
circuit simulation. A variant of the tensornetwork engine is
the tensornetwork-noise engine, which further in-
cludes circuit gate noise and measurement uncertainty in the
simulation using the relevant utilities implemented in
TeNnsorCIrcuIT. The “gpu” engine delegates circuit execution
to real QPUs through TENSORCIRCUIT.

Workflow. As mentioned in the introduction, the starting
point for variational quantum chemistry algorithms is normally
taken to be the Hamiltonian in the second-quantized form. For
electronic structure problems, this means specifying the one-
and two-electron integrals h,, and h,,,, in eq 1. In TeENCIRCHEM
this can be done either directly, by inputting these numbers
explicitly, or indirectly, by specifying the 3D coordinates, atom
types, and basis sets of each of the atoms in a molecule and
having PYSCF compute the integrals automatically. The
Hamiltonian in quantum dynamics is defined using the
RENORMALIZER® package by specifying each term in the
Hamiltonian.

Next, the Jordan-Wigner, parity, or Bravyi-Kitaev conversion
from electronic Hamiltonian (eq 1) to qubit Hamiltonian (eq 2)

https://doi.org/10.1021/acs.jctc.3c00319
J. Chem. Theory Comput. 2023, 19, 3966—3981


https://pubs.acs.org/doi/suppl/10.1021/acs.jctc.3c00319/suppl_file/ct3c00319_si_001.pdf
https://pubs.acs.org/doi/10.1021/acs.jctc.3c00319?fig=fig1&ref=pdf
https://pubs.acs.org/doi/10.1021/acs.jctc.3c00319?fig=fig1&ref=pdf
https://pubs.acs.org/doi/10.1021/acs.jctc.3c00319?fig=fig1&ref=pdf
https://pubs.acs.org/doi/10.1021/acs.jctc.3c00319?fig=fig1&ref=pdf
pubs.acs.org/JCTC?ref=pdf
https://doi.org/10.1021/acs.jctc.3c00319?urlappend=%3Fref%3DPDF&jav=VoR&rel=cite-as

Journal of Chemical Theory and Computation

pubs.acs.org/JCTC

Simulate circuit

0 SPTEIfy, Convert to qubits Construct ansatz and update
amiltonian parameter
PyYySCF* ['ENCIRCHEM

OPENFERMION®
OPENFERMION® ENCIRCHER IENCIRCHEM TENSORCIRCUIT®?
RENORMALIZER? e PYSCF*

Figure 2. Typical workflow of variational quantum algorithms and the underlying packages used for each task in TENCIRCHEM. “For electronic

structure. "For quantum dynamics.

is performed by OpenFerMION.”” The encoding of nuclear states
to qubits and the construction of the ansitze are performed
within the TENCIRCHEM package. The workflow and the
underlying packages are summarized in Figure 2, in accordance
with section 1.1, and will be elaborated on in the following
sections. Standard infrastructure packages, such as NumPy and
SciPy, are omitted for brevity. The specific tasks of each
underlying package are summarized below:

e PYSCF: specifying molecules; calculating integrals;
configuration interaction vector construction and manip-
ulation
OrenFerMION: specifying operators in fermion operator
or qubit operator format; conversion from fermion
operator to qubit operator
RENORMALIZER: specifying general quantum dynamics
Hamiltonian; conversion from symbolic operators to
numeric operators
TENSORCIRCUIT: constructing custom PQC as ansatz;
quantum circuit simulation via tensor network contrac-
tion; interfacing with QPU

2.2. Conversion to Qubits. Quantum simulation of
physical systems requires converting fermions (for electronic
structure calculations) and bosons (for encoding nuclear wave
functions and quantum dynamics) to qubits.

2.2.1. Electronic Structure. Fermionic creation and annihi-
lation operators obey the anticommutation properties

{a, a}'} = aiaT

oo
j+ajai—5ij

{a',al} = {a, a;} = 0 )

while the qubit creation operator CT=%(X— iY) and

annihilation operator ¢ = %(X + iY) obey the commutation

properties

{Ci; C}L} = 5,‘,‘; [C,T; C]T] = [Ci; Cj] =0

)
To comply with the required fermionic anticommutation
properties, the Jordan-Wigner transformation®” can be used to
map fermionic ladder operators into products of Pauli Z and
qubit ladder operators

(8)

Alternatively, the parity transformation””** achieves the same
goal by letting each qubit record the parity of all preceding
orbitals and itself. The mapping is then

3,

N-1
a,=(G®I0)0,_, —¢ @I)1l_) ® ® X
1

=j+1

©)
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where N is the total number of qubits. If the ansatz conserves the
total particle number, then the last qubit will not change during
computation and can be removed without a loss of accuracy. If S,
is also conserved, another qubit can be saved. Thus, the parity
transformation uses 2 fewer qubits than the Jordan-Wigner
transformation. In TeNCIRCHEM, both transformations are
carried out by calling OPENFERMION.

2.2.2. Quantum Dynamics. One of the key differences
between quantum dynamics simulation and electronic structure
calculations is that quantum dynamics requires incorporation of
nuclear information in time evolution. Similar to the case of
electrons, a proper basis set must first be chosen to represent the
nuclear wave function and operators in second-quantized
form.*>*>*® One popular choice is the harmonic eigenbasis, in
which the nuclear position operator x and momentum operator
p are expressed as

L 4"+ ),
2mw

maw
i =" - b
12( )

g (10)
where m is the oscillator mass, @ is the oscillator frequency, and
b" (b) are bosonic creation (annihilation) operators, respec-
tively. The infinite boson levels are then truncated to the lowest
Nlevels for further encoding. Other choices for the nuclear basis
setinclude the real-space grid basis and a variety of discrete value
representations.’” In any case, each nuclear degree of freedom is
represented by a finite number of basis states ly) = Y Nc/i).

In quantum simulation, each bosonic basis vector li) must be
encoded into qubits, so that the system wave function can be
described by a quantum circuit and operators can be represented
by Pauli strings. The principle for the encoding is equivalent to
that of encoding integers into bit strings, and there are two
common encoding strategies, based on unary and binary
encodings, requiring O(N) and O(log N) qubits, respectively.*®
Binary encoding with Gray codes is a variant of the standard
binary encoding that involves changing only one bit between
consecutive integers, which can be used to facilitate the eflicient
encoding of operators b’ and b. TENCIRCHEM supports all of the
encoding schemes and, by default, uses binary encoding with
Gray codes because of its compact representation. We note that
an efficient variational encoding scheme requiring only O(1)
qubits was proposed recently.”’

2.3. Supported Ansdtze. TeNCIRCHEM supports three
classes of variational ansatze: (i) Unitary Coupled Cluster
(UCC) (of which UCCSD, k-UpCCGSD, and paired UCCD
(pUCCD) are variants), (ii) Hardware-Efficient, and (iii)
Variational Hamiltonian.

2.3.1. Unitary Coupled Cluster Ansatz. UCC ansatze have
the form

https://doi.org/10.1021/acs.jctc.3c00319
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") (1)
where
T(0) = z qu(a;aq — he) + Z qurs(aga;aras — h.c.)...
rq pqrs
(12)
6 denotes the vector of tunable parameters 6, 0., -, and Ip) =

[HF) is the Hartree—Fock state. In general, excitations of any
order are permitted, although it is common to only consider
single and double excitations, in which case the ansatz is referred
to as UCCSD. The indices are usually confined to excitations
from occupied orbitals to virtual (unoccupied) orbitals.
“Generalized” excitations do not have to satisfy this requirement.
The generalized counterpart of UCCSD is UCCGSD.”

As the terms in eq 12 do not necessarily commute, the exact
implementation of eq 11 on a gate model quantum computer is
difficult. In fact, to the best of our knowledge, the ansatz defined
by eq 11 and eq 12 is never used in any practical VQE algorithm.
Instead, one considers a Trotterized approximation of the
ansatz, also referred to as disentangled ucc.”! Although
disentangled UCC is traditionally viewed as an approximation to
the original UCC, it can in fact exactly represent general
fermionic states given appropriate operator ordering and should
probably be considered as an alternative ansatz to the original
UCC.”" In general, the disentangled UCC ansatz can be written
as

1

I(0))uec = [] ")

k=N,

(13)

where each G, is the anti-Hermitian excitation operator for each
term in eq 12, and N, is the total number of excitations. In the

following, the terms %St are referred to as UCC factors. The
UCC ansitze implemented in TENCIRCHEM can all be viewed as
special cases, as shown in eq 13. The specific formulations of
UCCSD, k-UpCCGSD, and pUCCD are reviewed in the
Supporting Information.

2.3.2. Hardware-Efficient Ansatz. Hardware-efficient ansa-
tze are designed to be easily implementable on NISQ devices but
do not necessarily preserve symmetries in molecular systems.
Finding the global minimum for such circuits can be challenging
due to the vanishing gradient phenomenon and the presence of
local minima.”””* However, because the required circuit depths
can be much smaller than for UCC, hardware-efficient ansatze
are widely used in quantum computational chemistry experi-
ments performed on real quantum processors.”””’ ' Ten
CiRCHEM implements one of the most popular hardware-
efficient ansatze, the R, ansatz,”””>~7° whose circuit consists of
interleaved layers of R, and CNOT gates

1

(O, = [T LLOLEorILE O)1)
1=k

(14)

where k is the total number of layers, and the layers are defined as

0]

1
Lénor = H CNOTj,j+v

j=N-1

L) = [ ry(6)

j=N

(1)

3970

The gate subscripts refer to the qubit index on which the gate
acts, and N is the total number of qubits. An example of the
ansatz is depicted in Figure 6. One reason for using the R, gate is
that it enforces the wave function coefficients to be real, which is
a desired property for electronic structure problems.

As a huge number of possible hardware-efficient ansitze can
be defined, instead of providing templates for all of them,
TENCIRCHEM allows the hardware-efficient ansatze from the
QusKir library to be directly imported and other customized
ansitze can be defined by the user using TENsORCIRCUIT (see
section 4.1 for examples).

2.3.3. Variational Hamiltonian Ansatz. For quantum
dynamics simulations, TENCIRCHEM provides utilities to
construct the variational Hamiltonian ansatz'”*’ based on
user-specified Hamiltonians. This type of ansatz depends on the
Pauli strings P; contained in the Hamiltonian and thus encodes
Hamiltonian information. Suppose the Hamiltonian is com-
posed of M Pauli strings P, as defined in eq 2. The
corresponding variational Hamiltonian ansatz has the form

_ - —if,P,
19y = [T [T e
I

(16)

where I¢p) is the initial state of the system, 6y; is the circuit
parameter, and k is a parameter defining the number of layers in
the ansatz. This heuristic construction is based on the fact that,
in the short time limit, the system wave function e ™|¢) can be
exactly described by eq 16.

2.4. Engines and Backends. We use the term “engine” to
refer to the methods, such as tensornetwork and
civector, used to simulate the quantum circuits in
TENCIRCHEM. The term “backend” refers to the underlying
numerical package used to perform the simulation, such as
NumPy and JAX. The most common engine in TENCIRCHEM is
the tensornetwork engine powered by TENsorRCIRCUIT,
which views the quantum circuit as a network of low-rank
tensors and Jperforms circuit simulation via tensor network
contraction.”® This approach can offer significant advantages
over full statevector simulators which may encounter memory
bottlenecks. As a result, tensor network contraction is the most
frequently used method for performing large-scale quantum
circuit simulations, such as the simulation of random circuits
used in quantum supremacy experiments.77'78 When contracting
a tensor network, it is crucial to find an efficient contraction path.
The default contraction path finder in TENCIRCHEM is based on
a greedy algorithm, which has minimal overhead but may not be
satisfactory for large quantum circuits. The customization of the
contraction paths is possible via TENSORCIRCUIT.

We note that the tensor network contraction simulator should
not be confused with an MPS simulator,60 although the two do
share a number of things in common. In particular, the tensor
network contraction method does not assume the circuit wave
function to adopt MPS form and does not perform any
truncations to the wave function.

The tensor network simulator can also be extended to the
simulation of noisy circuits using density matrix p. The
simulation of noisy quantum circuits is thus twice as memory
intensive as pure state simulation. We stress that the engine does
not perform any truncation to the target densitgr matrix, which is
different from a number of preceding works.””*" In the presence
of noise, unfortunately, symmetries encoded in the ansatz are
broken and cannot be exploited. In TENSORCIRCUIT, noise

https://doi.org/10.1021/acs.jctc.3c00319
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channels & are defined by their corresponding Kraus operators
K, ie.,

&(p) = Z I<ipKiT
i (17)

The action of {K;} on the circuit is achieved by transforming
them into a superoperator. More specifically, if the channel acts
on N qubits, it is converted to a matrix with size 4N x 4N asa
node in the density matrix tensor network. We note that
TeNSORCIRCUIT supports noisy circuit simulation via Monte
Carlo sampling in addition to using density matrices, although
this algorithm is not currently implemented in TENCIRCHEM.

Of the various backends supported by TENCIRCHEM, the JAX
backend is perhaps the most versatile and can generally be used
in most cases. This backend also supports GPU and TPU
calculations once JAX is properly configured. If the civector
engine is used, the NUMPY and CUPY backends are preferred for
CPU and GPU calculations, respectively. The reason for this is
that the code in the civector engine is highly optimized, and
just-in-time (JIT) compilation overheads become a bottleneck.

2.5. Installing and Contributing to TeNCIRCHEM.
TENCIRCHEM is written in Python and can be installed via
pip install tencirchem using the command line. The
source code is hosted on the GitHub repository https://github.
com/tencent-quantum-lab/TenCirChem. We welcome all
members of the quantum chemistry community to contribute
to the continued development of TENCIRCHEM.

3. THE ELECTRONIC STRUCTURE MODULE I.
UNITARY-COUPLED CLUSTER ANSATZ

3.1. Basic Usage. The basic usage of TENCIRCHEM can be
illustrated in five lines of codes, which we demonstrate below
using the UCCSD ansatz to find the minimum energy of an H,
molecule:

1 from tencirchem import M, UCCSD
: h2 = M(atom=[["H", O, O, O],

["H", 0, 0, 0.741]1)

5 uccsd = UCCSD (h2)

uccsd.kernel ()
uccsd.print_summary (include_circuit=True)

Code Snippet 1: Simple UCCSD calculation for the

hydrogen molecule.

The remainder of this section will explain Code Snippet 1 in
more detail.

3.1.1. Defining the Molecule and Basis Set. TeNCIRCHEM
uses the PYSCF Mo le object to define the molecule of interest.
In other words, from tencirchem import Mis equivalent
tofrompyscf import M. The syntax for defining molecules
is thus the same as that for PYSCF. For example, using 3D
coordinates, atom types and coordinates (in Angstroms) are
specified in a list as shown in Code Snippet 1. By default, the
STO-3G minimal basis set is used, but PYSCF allows other basis
sets to be specified via the basis argument, e.g.,

1 h2 = M(atom=[["H",

0, 0, 0], ["H", 0, 0, 0.741]], basis="cc-pvdz")

Built-in Molecules. In addition to specifying molecules by
hand, the user can import a number of prespecified molecules in
the STO-3G basis set from the tencirchem.molecule
module for debugging and fast prototyping, e.g.,

| from tencirchem.molecule import h2, h4, h8

Once imported, the molecules can be used exactly as if they
had been defined manually. The coordinates and the basis sets of
these built-in molecules can be obtained by inspecting the Mole
object with m.atom and m.basis, respectively. The
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tencirchem.molecule.h2 molecule, with a bond
distance of 0.741 A, is frequently used in the following code
examples.

3.1.2. Specifying the Ansatz and Obtaining Reference
Energies. Once the H, molecule has been specified, we initialize
the UCCSD ansatz via the line

1 uccsd = UCCSD (h2)

In addition to UCCSD, TENCIRCHEM supports k-UpCCGSD
and pUCCD ansitze. These are based on the UCC base class,
and can be implemented in a similar way to UCCSD once
imported via

1 from tencirchem import KUPCCGSD, PUCCD

Ansatz information is accessible through class attributes (see
Code Snippet 2). The conventions for the orbital indices are
described in the Supporting Information.

>>> # two single excita nd one double excitation
>>> uccsd.ex_ops
[, 2, (1, 0, (1, 3,
>>> # ‘param s maps
>>> # some excitation opera

6 >>> uccsd.param_ids
o, o, 11

s >>> uccsd.init_guess # generated by MP2
[0.0, —-0.07260814651571333]

0 >>> uccsd.params # the optimized parameters
array ([ 3.40632986e-17, -1.12995353e-01])

2,

0)]
it

ters

eter due to symmetry

Code Snippet 2: Several useful attributes of the UCCSD

class. Example corresponds to the H, molecule.

UCCSD Class as a Toolbox. The UCCSD class also allows
other useful attributes to be obtained (see Code Snippet 3). The
purpose is to make information in TENCIRCHEM easy to inspect,
facilitating its use as a handy toolbox. For example, one may use
the UCCSD class to inspect for molecular attributes, electron
integrals, reference energies, and the Jordan-Wigner trans-
formed Hamiltonian, all of which are available without needing
to first call the uccsd. kernel () method.

>>> ucesd.n_qubits, uccsd.n_elec
(4, 2)
>>> # PySCF objects
>>> uccsd.mol, uccsd.hf
aS 0x7£9daec92b90>, <pyscf.scf.hf.RHF at 0x7£9d92dlecl0>)

es
.e_mp2, uccsd.e_ccsd, uccsd.e_fci, uccsd.e_nuc

s (-1.116706137236105,
-1.1298675557838804,

o =1.1372745709766439,
-1.1372744055294395,
0.7141392859919029)
>>> # one and two-body integrals in molecular
>>> uccsd.intle.shape, uccsd.int2e.shape
(2, 2), (2, 2, 2, 2))

6 >>> uccsd.h_fermion_op # Hamiltonian as openfermion FermionOperator
0.7141392859919029 [] +

8 =1.2527052599711868 [0~ 0] +
-0.48227117798977825 [0~ 1" 0 1] +

0 -0.6745650967143663 [0~ 2~ 0 2] +

The rest of the output omitted

orbital basis, chemists’ notation

22 >>> uccsd.h_qubit_op # Hamiltonian as
23 (=0.09835117053027564+03) [] +
(0.04531660419443148+03) [XO0 X1 X2 X3] +
25 (0.04531660419443148+03) [X0 X1 Y2 Y3] +
26 (0.04531660419443148+03) [YO Y1 X2 X3] +
The rest of the output omitted

Code Snippet 3: Several other useful attributes of the
UCCSD class are also directly available without first
needing to call the uccsd. kernel () method.
Specifying Integrals Directly. Rather than using a molecule
as the input to UCCSD, one may define a UCCSD object by
specifying the one- and two-electron integrals, without needing
to explicitly refer to a molecule. That is, applying UCCSD to the
second-quantized ab initio Hamiltonian (eq 1 ) can be done via

openfermion QubitOperator

| uccsd_from_integral = UCCSD.from integral (intle, int2e, n_elec, e_core)
with
e intle: an array of shape (N, N) with p, g-th element
storing the one-electron integral h,,. Here N is the
number of spatial orbitals.
e int2e: an array of shape (N, N, N, N) with p, g, , s-th
element storing the two-electron integral (pqlrs), in spatial
orbital and chemists’ notation.

https://doi.org/10.1021/acs.jctc.3c00319
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e n elec: an integer specifying the total number of
electrons in the system. Currently, TENCIRCHEM only
supports closed-shell molecules.
e core: a floating-point number for the nuclear
repulsion energy E,,. or the core energy if frozen
occupied orbitals are involved.

3.1.3. Optimizing the Energy. The command
uccsd.kernel () runs the optimization procedure to
minimize the ansatz energy with respect to the variational
parameters and returns the minimum energy found. By default,
TeENCIRCHEM uses the L-BFGS-B optimizer implemented in
SciPy.®! Once uccsd.kernel () has been run, the
minimum ansatz energy can be accessed by uccsd . energy-
() or uccsd.e ucc. The system statevector and config-
uration interaction vector are available by
uccsd.statevector () and uccsd.civector (),
e.g.,

>>> uccsd.civector() # configuration interaction vector
array ([ 9.93623806e-01, 1.08284918e-16, 1.08284918e-16, —-1.12746318e-01])

The optimized parameters can be obtained by uccsd. -
paramns, and the one- and two-body reduced density matrices
are available by uccsd.make rdml () and
uccsd.make rdm2 (), respectively. Functions such as
uccsd.energy,uccsd.statevector,anduccsd. -
civector also accept custom circuit variational parameters.
For example,

>>> # if all paramet then the UCC energy is identical to HF energy

>>> uccsd.energy (np. os (uccsd.n_params)), uccsd.e_hf
(-1.1167061372361045, -1.116706137236105)

are zero,

3.1.4. Outputting Quantum Circuits. The quantum circuit
corresponding to the ansatz state can be obtained via

1 ¢ = ucesd.get_circuit ()

which returns a TensorRCIrcuiT Circuit object, which can
then be inspected, manipulated, and executed. For example, a
summary of the gates in the circuit can be obtained by

1 c.gate_summary ()

Also, conversion of the circuit from the TENSORCIRCUIT to the
Qiskit format is straightforward:

| c_giskit = c.to_giskit()

By default, TENCIRCHEM compiles circuits using the efficient
method of Yordanov, Arvidsson-Shukur, and Barnes (YAB),*>®
which is based on multiqubit controlled rotations (see Figure 3).
Currently triple or higher order excitations are not implemented
in TENCIRCHEM. uccsd.get circuit (decompose -
multicontrol = True) generates the circuit with the
multiqubit controlled gate decomposed into elementary
rotation gates and CNOT gates. This decomposition is useful
for noisy circuit simulation or execution on hardware. See Code

qo: ——1 Ry(eU) Ry(al)
0 X3 e
Q2 ——1 Ry(e(l) %

Figure 3. Quantum circuit corresponding to the UCCSD ansatz for the
H, molecule with STO-3G basis, compiled by the method in ref 82. The
two X gates at the left of the circuit are used to create the initial
Hartree—Fock state [0101). The multicontrol gate applies a para-
metrized R, rotation to one of the four qubits, conditioned on the state
of the other three.
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Snippet 10 for an example. Compilation via a more traditional
Trotterized method is also possible, using

| ¢ = uccsd.get_circuit (trotter=True)

although this can lead to circuits significantly deeper than those
compiled by the YAB method.*”

3.2. Applications and Benchmarking. In this section, we
use concrete examples to demonstrate the efficiency and
flexibility of TENCIRCHEM. All calculations are carried out on a
single computational node with the civector engine.
Throughout the paper, the wall time reported only accounts
for the VQE optimization time. Classical preprocessings, such as
obtaining integrals and Hartree—Fock calculations, are not
included in the reported time.

3.2.1. Hydrogen Chains and the Hydrogen Molecule. Table
1 gives the time required by TENCIRCHEM to compute the
minimum UCCSD energy for chains of increasing numbers of
hydrogen atoms using an STO-3G basis set. Atoms in each chain
are uniformly distributed with an interatomic distance set to 0.8
A. The largest system simulated is Hq, corresponding to 32
qubits. For such a system, storing the wave function in Fock
space alone is already an arduous task, while the running time for
TENCIRCHEM is still acceptable. Whereas other common
quantum simulation packages usually struggle to simulate H,,
(which requires 20 qubits), TENCIRCHEM is able to obtain the
UCCSD ground state energy of this chain in 14 s on a single
GPU node. As a concrete example, QIskiT-NATURE version 0.5.2
spends 34 s simulating H, and 943 s simulating Hg, and reports
an out-of-memory error when simulating larger systems. Other
packages, such as PeENnyLane and TEQuILLA, show a similar
performance. We note that the high efficiency of TENCIRCHEM is
primarily due to the civector engine, and hardware
acceleration plays a relatively minor role.

The hydrogen chain actually represents a class of molecular
systems that are particularly difficult to simulate in TENCIRCH-
EM. In these systems, the number of spatial orbitals N is the same
as the number of electrons M. In the following, we consider a
case at the other extreme, where M < N, and simulate the
potential energy curve of the H, molecule using the cc-pVTZ
basis set.®* This corresponds to M =2, N =28, and a VQE circuit
on 56 qubits. Running on a single laptop CPU, TENCIRCHEM is
able to produce all UCCSD energy values in Table 2 in 20 s.
Because of the small value of M, both the dimension of the
configuration interaction space (784) and the number of
excitation operators (155) are small. Since the civector
engine is exact, the small error in Table 2 is likely due to the
inexactness of the disentangled UCC ansatz.

3.2.2. Potential Energy Curve of H,0. We now compute the
potential energy curve of a realistic molecule, H,O. This
molecule has been used to benchmark many quantum
algorithms,*® yet previous works usually use a minimal basis
set or small active space. Here, we use TENCIRCHEM to calculate
the UCCSD energy of H,O with the 6-31G(d) basis set®”** with
only the 1s orbital of the O atom frozen. This corresponds to 8
electrons in 17 orbitals, a quantum circuit on 34 qubits, and an
ansatz involving 565 independent parameters and 1078
excitations.

We study the symmetric stretching of the O—H bond with the
H-O-H angle fixed at the experimental value of 104.45°.*
Results are summarized in Figure 4. The UCCSD energy by
TENCIRCHEM is very close to that of the FCI solution, with a
slight deviation observed at long bond lengths. The equilibrium
bond length is determined to be 0.97 A, in good agreement with

https://doi.org/10.1021/acs.jctc.3c00319
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Table 1. UCCSD Ground State Energy Optimization Time for Hydrogen Chains Using TeNCIRCuem”

molecule qubits excitations parameters
H, 8 18 11
Hg 12 69 39
H, 16 200 108
Hy, 20 467 246
H, 24 954 495
Hy, 28 1,749 899
H 32 2,976 1,520

device time (s) energy (mH) error (mH)
CPU 0.0S -2,167.55 0.01
CPU 0.4 —3,204.14 0.27
CPU 1.9 —4,242.52 0.88
GPU 14 —5,282.21 1.37
GPU 51 —6,322.29 2.13
GPU 2,093 —7,362.81 292
GPU 50,909 —8,403.63 3.72

“CPU calculations are based on an Intel(R) Xeon(R) Platinum 8255C CPU @ 2.50 GHz, while GPU calculations use the NVIDIA(R) Tesla(R)
V100-PCIE-32GB. Energy errors are with respect to FCI energy, and could be reduced by adding more excitation operators in the ansatz.”".

Table 2. UCCSD/cc-pVTZ Calculation of H, in TENCIRCHEM,
Using a VQE Circuit on 56 Qubits. Energy Errors Are with
Respect to FCI

atom distance (A) energy (mH) error (mH)
0.3 —692.85983 0.00000
0.6 —1153.51794 0.00000
0.9 —1160.41280 0.00001
1.2 —1112.06753 0.00005
1.5 —1066.16823 0.00014
1.8 —1034.07993 0.00023
2.1 —1015.56097 0.00028
2.4 —1006.42068 0.00029
2.7 —1002.39048 0.00028
"]—e— FcI (sTO-30)
. —T74.5¢ {—— RHF
§ UCCSD
g‘ —75.0¢ 1—— FCI
Z nsid ]
: W
~76.0} \\/ ]
ljU 1;5 210

Bond length (A)

Figure 4. Potential energy curve for the symmetric stretching of the O—
H bond in H,O with the 6-31G(d) basis set. The 1s orbital of the O
atom is frozen, and the whole system is described by an (8e, 170) active
space and a quantum circuit on 34 qubits. The FCI energy with STO-
3G basis set is included for comparison.

the experimental value (0.9584 A). To highlight the necessity of
using an appropriate basis set, in Figure 4 the FCI energy using
the minimal STO-3G basis set is also given. As expected, the
energy corresponding to the STO-3G basis set is significantly
higher than that corresponding to the 6-31G(d) basis set.
Furthermore, the equilibrium bond distance predicted using the
STO-3G basis set is 1.02 A, which is significantly larger than the
experimental value. On average, TENCIRCHEM takes approx-
imately 1S5 min to produce each UCCSD energy value in Figure
4, using the same GPU platform as in Table 1.

3.2.3. Hubbard Model. As a final example, we use
TENCIRCHEM and UCCSD to calculate the ground state energy
of the 1D Hubbard model at half-filling. The Hamiltonian is

— il T
H= —tz (41,060 T € oia10) T UZ o
jo j (18)
where c]-fg (¢,5) creates (annihilates) an electron with spin o at
site j, n;; and n; are electron occupation number operators at site

j, t is the hopping integral and U characterizes the Coulomb
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repulsion interaction strength. We assumed periodic boundary
conditions.

Although the Hubbard model is not directly related to any
molecular systems, the Hamiltonian is a special case of the ab
initio Hamiltonian of eq 1, and thus, TENCIRCHEM allows the
construction of the corresponding UCCSD objects by specifying
the one-body and two-body integrals.

import numpy as np
from tencirchem import UCCSD

# the number of sites

=6
elec
U =1 # model parameters
s # setup the integrals
intle = np.zeros((n,n))
o for i in range(n - 1):
intle[i, i + 1] = intle[i + 1, i]
> intle(n - 1, 0] = intle(0, n - 1] = -t
int2e = np.zeros((n, n, n, n))
for i in range(n):
int2e[i, i, i, i]

= -t

=U

ion
m_integral (intle, int2e, n_elec)

d = UcesD. £ro
9 uccsd.kernel ()
Code Snippet 4: Calculation of the UCCSD energy of half-
filled Hubbard model.

Results are shown in Figure 5. When U/t is small, both the

CCSD and UCCSD coincide well with the FCI solution. As U/t

5.0
2.5
0.0F

R

—25¢F

—5.0

—=7.5

Figure 5. Ground state energy of the one-dimensional half-filled
Hubbard model by UCCSD with increasing coulomb repulsion
strength U/t. The UCCSD energy computed by TENCIRCHEM tracks
the FCI value significantly better than the CCSD energy.

increases, CCSD deviates from the FCI solution, whereas the
UCCSD solution tracks the FCI value much more closely,
indicating that UCCSD can be better than CCSD at capturing
strong correlations, a finding consistent with a previous report.”

To better recover static correlation using UCCSD, more
terms can be added to the UCC ansatz or one may consider
combining UCC with other algorithms, such as density matrix

47,91-94 .
’ On average, TENCIRCHEM requires

embedding theory.
0.1 s to calculate each UCCSD energy value in Figure 5 on a
regular CPU without GPU acceleration.
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4, THE ELECTRONIC STRUCTURE MODULE II. .

HARDWARE-EFFICIENT ANSATZ AND NOISY Q- — Ry(eo) Ry(92) B

CIRCUIT SIMULATION
In real-world quantum computing systems, noise and errors are qi1 ° — Ry (9 1) b Ry (93) —

inevitable due to factors such as imperfect hardware,
decoherence, and finite-shot measurement uncertainty. Noisy
circuit simulators allow researchers to simulate the effects of
noise on quantum circuits and gain a better understanding of the
behavior of quantum algorithms in realistic conditions. In this
section, we use the hydrogen molecule H, to illustrate how to
perform noisy circuit simulation in TENCIRCHEM. After using the
parity transformation, the corresponding Hamiltonian acts on 2
qubits.

4.1. Basis Usage. TENCIRCHEM uses the HEA (Hardware-
Efficient Ansatz) class for noisy circuit simulation, which has an
interface different from that of the UCC classes encountered in
section 3. A primary motivation for using HEA ansitze is that
almost all UCC circuits (with perhaps pUCCD circuits being the
exception) are too large for both noisy circuit simulation as well
as execution on currently available quantum devices. In contrast,
HEA circuits are, by design, constructed to be implementable on
whatever device is available.

Another reason is that from a user’s perspective, the HEA class
ought to provide a greater degree of low-level customization
compared to the UCC classes. For example, for noiseless UCC
simulation, the ansatz is defined by excitation operators, and
compilation to native gates is of less interest. Conversely, in the
context of noisy HEA circuit simulation, it is imperative to give
users complete control over the ansatz circuit. Nevertheless,
noisy UCC circuit simulation can be carried out within
TeNCIRCHEM without much additional effort, which will be
demonstrated in section 4.1.3.

4.1.1. Specifying the Hamiltonian and the Ansatz. Unlike
UCC, the HEA class is not initialized by specifying the molecule.
Rather, HEA takes as inputs (i) the Hamiltonian in open-
fermion.QubitOperator form and (ii) the circuit
ansatz.

Within OpenFErRMION, the Hamiltonian can be constructed by
interfacing with quantum chemistry packages such as PYSCF
using openfermion.MolecularData.

from openfermion import MolecularData
from openfermionpyscf import run_pyscf

i geometry = [["H",
basis = "STO-3G"

s multiplicity = 1
molecule = MolecularData(geometry, basis, multiplicity)

s molecule = run_pyscf (molecule)

) h_fermion_op = molecule.get_molecular_hamiltonian ()

(o, o, 011, ["H", [0, O, 0.741]]]

Code Snippet S: Construction of the system Hamiltonian in
fermion operator form using OpenFermion.
An alternative approach is to use the UCC class attributes such
asuccsd.h fermion_ op.

from tencirchem import UCCSD, parity
, from tencirchem.molecule import h2
. ucesd = UCCSD (h2)
; # Hamiltonian as openfermion.FermionOperator
; h_fermion_op = uccsd.h_fermion_op
# use parity transformation for qubit Hamiltonian and remove 2 qubits
s h_qubit_op = parity(h_fermion_op, uccsd.n_qubits, uccsd.n_elec)

Code Snippet 6: Construction of the system Hamiltonian in
qubit operator form using UCCSD class attributes.

The ansatz is defined using TENSORCIRCUIT. In the example
below, we construct a 1-layer Ry ansatz comprising 4 parameters,
and the circuit diagram is depicted in Figure 6. The initial
parameters create the HF state |01) under parity transformation.
In addition to defining the ansatz from scratch, it is also possible
to use a predefined ansatz, which will be discussed more
thoroughly in section 4.1.3.
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Figure 6. Circuit diagram for a 2-qubit 1-layered R, ansatz. More layers
can be added by repeating the CNOT and R, rotation unit.

1 import numpy as np
, from tensorcircuit import Circuit

i n_qubits = 2

5 n_params = 4

¢ init_guess = [0, np.pi,

def get_circuit (params) :

c = Circuit (n_qubits)
# the ansatz body
c.ry (0, theta=params[0])
c.ry (1, theta=params(1])
c.cnot (0, 1)
c.ry(0, theta=params[2])
c.ry(l, theta=params(3])
return c

0, 0]

Code Snippet 7: Defining the I-layer R, ansatz using

TENsorCIRCUIT

4.1.2. Noisy Circuit Simulation and Optimization. The
remaining workflow is similar to the UCCSD case: (i) create an
HEA instance, (ii) run the kernel, and (iii) print the summary:

| from tencirchem import HEA

. hea = HEA(h_qubit_op, get_circuit, init_guess, engine="tensornetwork-noise")
; hea.kernel ()

i hea.print_summary ()

The default optimizer used is again L-BFGS-B from ScIPy.

The gradients are evaluated by the parameter-shift rule.’>*
The parameter-shift rule uses two separate circuits to evaluate
the gradient of one parameter. Its essence can be summarized
using a single-qubit, single-gate illustrative example. Suppose the
circuit wave function is ly) = e?Rlgp) with R? = —I. This leads to
ly) = (cos @ + sin OR)I¢p), and the energy expectation is then

(E)(8) = cos® O{plHlp) + sin @ cos O(pIRH + HRlp)

+ sin” O(pIRHRIp) (19)
Thus
oE) _ T)_ _r
0 - <E>(9 ¥ 4) <E>(9 4] (20)

The expression is slightly different from the literature where

/2R 4o usually assumed.

By default, using the tensornetwork-noise engine
(line 2) adds isotropic depolarizing noise” with error

probability p = 0.02

15
&(p) = (L= plp + =3 Pp#,
1533 (21)

to each CNOT gate in the circuit. Here p is the density matrix,
and the # are the two-qubit Pauli matrices (excluding the

identity operator I). Hereafter we will also refer to p as the
CNOT error probability. The value p = 0.02 corresponds to
approximately 98% CNOT average gate fidelity, defined as

F= [y i)y =1 - %p )

Single qubit gate noise is not included. The energy obtained in
this case is —1.1203.

Other noise models can be specified using the NoiseConf
class from TENSORCIRCUIT, as illustrated below:

https://doi.org/10.1021/acs.jctc.3c00319
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from tensorcircuit.noisemodel import NoiseConf
from tensorcircuit.channels import isotropicdepolarizingchannel

engine_conf = NoiseConf ()

# larger noise, corresponding to 80% fidelity

channel = isotropicdepolarizingchannel (p=0.25, num qubits=2)
7 engine_conf.add_noise("cnot", channel)

hea = HEA (h_qubit_op, get_circuit, init_guess, \
10 engine="tensornetwork-noise", engine_conf=engine_conf)
hea.kernel ()
hea.print_summary ()

Code Snippet 8: A simple customized noise model with
depolarizing error probability p = 0.25, corresponding to
average gate fidelity of 80%. The energy obtained is
—0.9245, higher than the value of —1.1203 obtained from
the p = 0.02 case.

In addition to the depolarizing channel, TEnsorCIrRcuIT
supports the amplitude damping channel, phase damping
channel, and thermal relaxation channel.”

The tensornetwork-noise engine does not consider
measurement uncertainty. Measurement uncertainty can be
accounted for using the tensornetwork-noise&shot
engine, as shown below:

>>> # number of shots: 4096
>>> for i in range(5):
>>> print (hea.energy (engine="tensornetwork-noise&shot"))
—-0.9209869918508058
-0.9306141224500795
6 =0.9176478740443613
-0.929275708950061
s =0.9241459510180587
>>> # number of ts
0 >>> hea.shots
>>> for i in range(5):
>>> print (hea.energy (engine="tensornetwork-noise&shot"))
-0.9246797253478469
-0.9251027083245665
-0.9243841547125008

6 —0.9236478492038139
-0.9248303187894168

Code Snippet 9: Accounting for measurement uncerainty in
noisy circuit simulation using the tensornetwork-
noised&shot engine.

By default, the number of measurement shots made for each
term in the Hamiltonian is 4096. Increasing the number of
measurement shots decreases the energy uncertainty. Here the
engine is switched temporarily at runtime, and specifying the
engine while initializing the HEA class is also viable, by
hea=HEA (*args, engine=engine).

If desired, a real quantum hardware engine can be specified by
setting the engine to gpu. The circuit is then executed on a 9-
qubit superconducting QPU hosted by the Tencent Quantum
Lab quantum cloud service. A private token is required for
successful execution. The platform is currently under closed
beta, and we are developing more features. The access token and
configuration documents can be requested by sending an e-mail
to the authors.

If noiseless results are desired for the HEA ansatz, this can be
achieved by using the tensornetwork engine, ie,
hea.energy (engine="tensornetwork”). In this
case, the energy is in exact agreement with the FCI energy for
the hydrogen molecule system.

4.1.3. Using Predefined Ansdtze. At the end of the section,
we show how to use predefined ansatze for noisy circuit
simulation. TenCirChem has implemented the R, ansatz. In the
following code, the HEA instance is rebuilt using the HEA . ry
function, which constructs the qubit Hamiltonian and the R,
ansatz automatically. The result after running the kernel is
exactly the same as what we’ve illustrated step by step above.

hea = HEA.ry (uccsd.intle, uccsd.int2e, uccsd.n_elec, uccsd.e_core, \

n_layers=1, engine="tensornetwork-noise")
hea.kernel ()

If desired, the UCC ansatz defined in the UCC class can be fed
into the HEA class for a noisy circuit simulation. The following
code snippet shows how to simulate the UCCSD circuit of the
H, molecule in the presence of noise. As described in section
3.1.4, TenCIRCHEM by default uses a multiqubit controlled R,
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gate for UCC circuit simulation, which has to be decomposed
into elementary gates before actual execution on quantum
computers. The gradient is turned off because the parameter-
shift rule is not directly applicable to the circuit in which multiple
gates share the same parameter. The COBYLA optimizer
implemented in SciPy®' is used for optimization. The energy
obtained is —0.8358, which is significantly higher than the
energy by the HEA ansatz because there are 18 noisy CNOT
gates in the circuit. We comment that simulating UCC circuits
with the HEA class is nonstandard. Usually, it is necessary to
simplify the ansatz before execution under realistic hardware
conditions."""?

| from functools import partial

get_circuit = partial (uccsd.get_circuit, decompose_multicontrol=True)

hea = HEA (uccsd.h_qubit_op, get_circuit, uccsd.init_guess, \

engine="tensornetwork-noise")
"freeh

hea.grad =
s hea.kernel ()

Code Snippet 10: Noisy simulation of UCC circuits.

4.2. Applications. 4.2.1. Effect of Gate Noise on VQE
Energy. As a first application, we show how the CNOT
depolarizing error affects the optimized VQE energy. Results are
listed in Figure 7. The R, hardware-efficient ansatz and the H,
molecule with parity transformation are used, as in section 4.1.

_04l ]—@— Noisy 1-layer
—#— Noisy 2-layer

§ 0.6 ] Noisy 3-layer
= --- FCI
<
5 —0.8 1
K

—1.0¢ 1

0.0 014 0.8
CNOT error probability p

Figure 7. VQE ground state energy of H, with parity transformation in
the presence of depolarizing error, characterized by the error
probability p. The R, hardware-efficient ansatz is used, with between
1 and 3 layers.

We additionally tested how the number of ansatz layers affects
the obtained energy. If a one-layer ansatz is adopted, the energy
increases linearly with the error probability up to p = 0.8. This is
a consequence of the fact that this ansatz, when compiled into a
quantum circuit, contains only a single CNOT gate. Increasing
the number of layers does not lead to a more accurate energy
estimation. Rather, the noise caused by more CNOT gates in the
ansatz further degrades the results. TENCIRCHEM requires
approximately 1 s to produce each data point in Figure 7,
which involves iterating the VQE parameter optimization
procedure until convergence.

4.2.2. Effect of Measurement Shots on VQE Energy
Uncertainty. Here we show how the number of measurement
shots Ny, affects the standard deviation of the optimized VQE
energy. Results are listed in Figure 8. The H, molecule of section
4.2.1 is used with a single-layer R, ansatz. We tested Ny, values
from 2% to 2'%. For each value of Ny, investigated, the system
energy E is evaluated 64 times, and the standard deviation is
calculated. Note that the circuit parameters are kept constant at
the optimal value and the VQE iteration is not run.

As expected, the standard deviation of E is proportional to

L' Increasing the error probability p causes a larger

N,

shots
standard deviation of the energy, although the effect is far less
significant than that caused by adjusting Ng,... TENCIRCHEM

https://doi.org/10.1021/acs.jctc.3c00319
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Figure 8. VQE energy in the presence of depolarizing error,
characterized by the error probability p. The R, circuit with 1 layer is
used as the ansatz.

requires approximately 1 s to produce a single data point in
Figure 8, each of which involves 64 separate energy evaluations.

4.2.3. Running Quantum Hardware Experiments. In this
section, we use QPUs to compute the VQE energy of the H,
molecule, and the results are summarized in Figure 9. We use the

—0.6¢ — FCI ]
—o.7k —==Noiseless simulator ]
%\ QPU (energy only)
& —0.8F | QPU (full VQE) 1
<
 —091 1
= 1.0 1
—1.1r 1

1.0 15
Bond length (A)

0.5 2.0

Figure 9. VQE potential energy curve of H, computed on a QPU
backend. QPU energies obtained from the classically optimized
parameter and the full VQE optimization process are both shown.

same one-layered R, ansatz described in previous sections. To
reduce the computational cost, the parameter vector is reduced
to [0, 7, 0, 0] with only one variable 0. Noiseless simulation
shows that using this ansatz is sufficient to reach the FCI energy.
On QPU, 8192 shots are taken to determine the expectation
value of each term in the Hamiltonian. The error is mitigated by
standard readout error mitigation. For each set of circuit
parameters, the energy is evaluated 8 times to produce the final
energy expectation and its standard deviation. We first compute
the potential energy curve using the classically optimized
parameter, and then run the full VQE optimization starting from
0 = 0. In both cases, the QPU engine can correctly describe the
dissociation curve of the H, molecule. Moreover, we observe
that the energy standard deviation increases as the bond length
decreases. This is because at short bond lengths the Pauli strings
have large coefficients due to strong interactions between the
particles.

5. THE QUANTUM DYNAMICS MODULE

5.1. Basic Usage. 5.1.1. Defining the Hamiltonian and
Basis Set. The first step in quantum dynamics simulations is
specifying the Hamiltonian. In this section, we focus on the spin-
boson model with 1 bosonic mode:
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H go; + Ao, + wb'b + go(b' + b)

(23)
where 0, = Z and o6, = X are Pauli matrices, € is the
eigenfrequency, and A is the tunnelling rate. The spin-boson
model is a classical model for a variety of chemical processes,
such as electron transfer and photochemistry.”® For ease of
demonstration, we truncate the allowed boson states to two
levels. More sophisticated examples can be found in section 5.3.

Defining the system Hamiltonian and basis sets is performed
as follows:

from tencirchem import Op, BasisHalfSpin, BasisSHO

epsilon = 0

delta = 1
omega = 1
g =0.5

< ham_terms = [

Op("sigma_z", "spin", epsilon),

Op("sigma_x", "spin", delta),
Op (r"b"\dagger b", "boson", omega),
Op ("sigma_z", "spin", g) * Op(r"b"\dagger+b", "boson")

1

1 basis =

[BasisHalfSpin("spin"), BasisSHO("boson", omega=omega, nbas=2)]
Code Snippet 11: Defining the system Hamiltonian and
basis set for 1-mode spin-boson model.

The Op and the basis set classes are directly imported from
the RENORMALIZER package. Each term in the Hamiltonian takes
three arguments: (i) the operator symbol; (ii) the name of the
associated degree of freedom; and (iii) the (optional)
coeflicient.

In setting the basis sets (line 14), BasisSHO refers to the
simple harmonic oscillator basis, and nbas=2 restricts the
phonon states to the lowest two levels.

Conversion of the Hamiltonian and basis sets into qubits is
then performed in TENCIRCHEM using the qubit enco-
de op and qubit encode basis commands, as illus-
trated below:

1 ;;;:ﬂizzz;;f:zm:d¥;i2;5 import qubit_encode_op, qubit_encode_basis

ham_terms_spin, constant = qubit_encode_op (ham_terms, basis, boson_encoding)
: basis_spin = qubit_encode_basis (basis, boson_encoding)

Code Snippet 12: Transformation from physical basis set
into qubit spin basis. Here we use the binary encoding with
Gray code approach (see section 2.2.2) to encode the
bosonic states.
After transformation, the Hamiltonian and basis sets can be
inspected as follows:

1 >>> ham_terms_spin
[Op("X", ["spin’], 1.0),
Op(’2", [(’boson’, ’'TCCQUBIT-0’)], -0.5),
., Op(’Z X', [’spin’, ("boson’, ’TCCQUBIT-0’)], 0.5)]
5 >>> basis_spin
; [BasisHalfSpin(dof: spin, nbas: 2),
: BasisHalfSpin(dof: (’boson’, ’TCCQUBIT-0’), nbas: 2)]
Code Snippet 13: Inspection of the transformed Hamil-
tonian.
As expected, the Hamiltonian is now expressed in terms of

Pauli strings and the basis sets are all transformed to the spin-%

basis set. Here, the term in square brackets in each operator of

the above Code Snippet represents the label(s) of the spin—%

basis on which the Pauli operators are defined. As we restrict to

two phonon levels, only one spin-% basis set with label (boson,

TCCQUBIT-0) is generated, ie. the phonon mode is
represented by a single qubit.

5.1.2. Construct the Ansastz. The variational Hamiltonian
ansatz (see Figure 10) defined in eq 16 can now be constructed
using the get ansatz function, and the Jacobian is then
obtained by get jacobian func:

https://doi.org/10.1021/acs.jctc.3c00319
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https://pubs.acs.org/doi/10.1021/acs.jctc.3c00319?fig=&ref=pdf
https://pubs.acs.org/doi/10.1021/acs.jctc.3c00319?fig=&ref=pdf
https://pubs.acs.org/doi/10.1021/acs.jctc.3c00319?fig=&ref=pdf
https://pubs.acs.org/doi/10.1021/acs.jctc.3c00319?fig=&ref=pdf
https://pubs.acs.org/doi/10.1021/acs.jctc.3c00319?fig=&ref=pdf
https://pubs.acs.org/doi/10.1021/acs.jctc.3c00319?fig=&ref=pdf
https://pubs.acs.org/doi/10.1021/acs.jctc.3c00319?fig=&ref=pdf
https://pubs.acs.org/doi/10.1021/acs.jctc.3c00319?fig=fig8&ref=pdf
https://pubs.acs.org/doi/10.1021/acs.jctc.3c00319?fig=fig8&ref=pdf
https://pubs.acs.org/doi/10.1021/acs.jctc.3c00319?fig=fig8&ref=pdf
https://pubs.acs.org/doi/10.1021/acs.jctc.3c00319?fig=fig8&ref=pdf
https://pubs.acs.org/doi/10.1021/acs.jctc.3c00319?fig=fig9&ref=pdf
https://pubs.acs.org/doi/10.1021/acs.jctc.3c00319?fig=fig9&ref=pdf
https://pubs.acs.org/doi/10.1021/acs.jctc.3c00319?fig=fig9&ref=pdf
https://pubs.acs.org/doi/10.1021/acs.jctc.3c00319?fig=fig9&ref=pdf
pubs.acs.org/JCTC?ref=pdf
https://doi.org/10.1021/acs.jctc.3c00319?urlappend=%3Fref%3DPDF&jav=VoR&rel=cite-as

Journal of Chemical Theory and Computation

pubs.acs.org/JCTC

Figure 10. Quantum circuit corresponding to the 3-layered variational
Hamiltonian ansatz for the 1-mode spin-boson model using binary
encoding with Gray code. g, represents the spin, and g, represents the
boson.

e—iUQZX e—iO;ZX e—iﬂgZX

ort tensorcircuit as tc
1 tencirchem import set_backend
tencirchem.dynamic import get_ansatz, get_jacobian_func

) £
.

# dynamics simulation
; set_backend ("jax")

requires auto-differentiation from JAX.

s # the initial state

) init_circuit = tc.Circuit (len(basis_spin))
o # number of rs
n_layers =
# get the ansatz. Note that the spin basis is fed in

ansatz = get_ansatz (ham_terms_spin, basis_spin, n_layers, init_circuit)

# ansatz accepts parameters and outputs
o il numpy as np

print (ansatz (np.zeros (n_layers * len(ham_terms_spin))))

# the function to evaluate the jacobian of the wavefunction
jacobian_func = get_jacobian_func(ansatz)

wavefunction

Code Snippet 14: Construction of the ansatz and the
function to evaluate the Jacobian.

Here,basis spin defines the ordering of the qubits in the
circuit. More specifically, the first and second elements in
basis spin refer to the spin and boson, respectively, and
thus in the quantum circuit the first qubit represents the spin and
the second qubit represents the boson. Note that the backend
needs to be set to JAX explicitly because the default NumPy
backend does not support automatic differentiation.

5.1.3. Time Evolution. With the ansatz function to calculate
the wave function and its Jacobian, the equation of motion eq 5
can now be readily solved to determine ;. The following code
wraps the derivative function in the SciPy format and solves the
initial value problem. The wave function is evolved from time ¢ =
0 to t = 10 using a time interval of 0.1.

| from tencirchem import get_dense_operator

1 tencirchem.dynamic im get_deriv
niltonian in ix format

lense_operator (basis_spin, ham_terms_spin)

# time derivative for circuit parameters in the scipy

; def scipy_deriv(t, _theta):

return get_deriv(ansatz, jacobian_func, _theta, h)

u # value
12 theta = np.zeros(n_layers * len(ham_terms_spin))
15 for n nge (100) :

ve_ivp(scipy_deriv, [n * tau, (n + 1) * tau], theta)

. theta = scipy_sol.y[:, -1]

Code Snippet 15: Time evolution of the spin-boson system.
Note that TENCIRCHEM also provides a high-level interface for
simulating dynamics, e.g.,
| from tencirchem import TimeEvolution
, S . (ham_terms, basis)

\ for i in range(100):
te.kernel (0.1)

Code Snippet 16: Time evolution of the spin-boson system

using the TimeEvolution class.

Using this interface, the user need only specify the
Hamiltonian and the basis sets, and encoding to qubits is
carried out automatically using binary encoding with Gray code.
Configuration of the encoding strategy, the circuit initial
condition, and the number of layers in the ansatz are also
supported.

5.2. Implementation. TeNCiRCHEM uses classical matrix
manipulations to calculate the M matrix and V vector in the
equation of motion (eq 4) instead of faithfully simulating the
9% by
26,
forward-mode autodifferentiation via the JAX backend.
Forward-mode autodifferentiation is preferred over reverse-

quantum circuit. The first step is to obtain the Jacobian
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mode autodifferentiation in this case, because usually there are
more amplitudes in [¥') than parameters 6. The whole matrix M
is then calculated by a single matrix—matrix multiplication,
according to eq S. Similarly, the whole vector V'is calculated by
computing Hly) via a single matrix-vector multiplication and
then another matrix-vector multiplication between the Jacobian
and Hly). This implementation minimizes the just-in-time
compile time in JAX, because evaluating the Jacobian is the only
bottleneck that needs to be just-in-time compiled during the

workflow. The M matrix is usually not invertible due to linear
o1)

k

dependencies in

. Its eigenvalues A; are modified with

A= A+ ee™ ¢ for regularization, where € is a predefined
small number, typically 1 X 107°.

5.3. Applications. 5.3.1. Spin Relaxation of Spin-Boson
Model. Here we show the simulated dynamics of the one-mode
spin-boson model defined in eq 23, with parameterse =0, A =1,
@ =1, and g=0.5. Unlike the previous example which truncated
the boson to the lowest two states, here we allow 8 bosonic
states, and the corresponding circuit acts on 4 qubits. The
simulated results are shown in Figure 11, and they are in good
agreement with the solution with exact diagonalization.

1Of > ' ' ‘ "{—— Variational
--- Exact
0.5F 1
& 0.0F -
—0.51 1
—1.0¢, . . . 1
0.0 2.5 5.0 7.5 10.0
t

Figure 11. Spin relaxation of the one-mode spin-boson model
simulated by variational quantum dynamics.

5.3.2. Marcus Inverted Region of the Charge Transfer
Model. In this section, we simulate the charge transfer or
oxidation—reduction reaction between two molecules using the
Marcus model®’

H= —V(aga1 + alTaO) + AGalTa1 + a)z b;rbi
i=0,1

+ gw Z aa(b’ +b)

i=0,1 (24)

Here a4 and a, are annihilation operators for the charge on the
first and the second molecule, respectively. We assume a transfer
integral V = —0.1, a dimensionless coupling constant g= 1, and a
vibration frequency w = 0.5. The Marcus charge transfer theory
predicts that, by decreasing the reaction Gibbs free energy
change AG, the reaction rate k will first increase and then
decrease, according to

ﬂﬂe
— €X]
1 p

V2
"

_ PG+ AG)
4

k=
(25)

where A = 2¢°w is the reorganization energy and f is the inverse
temperature. Due to the quadratic term on the exponential, the
maximum rate is reached when AG = -1 = —1.

In the simulation, we again truncate the number of boson
states to 8, and thus, the Hamiltonian is encoded into 7 qubits
using the Gray code method. The charge is initially set to be
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Figure 12. (a) Charge occupation on the first molecule vs time at several values of AG. (b) Charge transfer rate k as a function of AG, for 2 < t < 8. The
dots are from a linear fit based on (aja,)(t) = —kt + ¢ to the linear region in (a), and the dashed lines are the predictions of the Marcus theory (eq 25)

and full quantum charge transfer theory.

located at the first molecule, and the nuclear coordinates are
relaxed according to the localized charge.”® The system is then
evolved to t = 8 using TENCIRCHEM and we compute {aja,) (the
charge occupation on the first molecule) as a function of time,
with AG ranging from 0 to —2.

Results are shown in Figure 12(a). During an initial period (¢
< 2), the reaction rate increases with t. For 2 < t < 8, the reaction
reaches a steady state and the reaction rate is approximately
constant.

In Figure 12(b) we plot the reaction rate k from t =2 to t = 8.
Since the effect of temperature is not modeled in this simulation,
B is fit to a value of 2.71 by matching the simulated k(AG) data
with the least-square method. The simulated rate reaches the
maximum at AG = —1, in agreement with the theoretical
prediction. We also include the charge transfer rate from full
quantum nuclear tunneling enabled charge transfer theory,”
which predicts a very similar parabolic curve without fitting /.

6. SUMMARY AND OUTLOOK

In this paper, we introduce TENCIRCHEM, a Python-based open-
source library for quantum computational chemistry, hosted on
the GitHub repository https://github.com/tencent-quantum-
lab/TenCirChem. TENCIRCHEM aims to provide both black-box
calculations of existing quantum algorithms and flexible
interfaces for the rapid prototyping of novel computational
methods. TENCIRCHEM features high-performance UCC calcu-
lations, noisy circuit simulations with both quantum gate error
and measurement noise, and variational quantum dynamics
simulations. TENCIRCHEM is designed to expose its internal data
structure for inspection and modification, enabling in-depth
customization. Although written in Python, TENCIRCHEM
reaches state-of-the-art performance via the powerful TENSOR-
Circurt backend and various chemistry-focused optimizations
such as UCC factor expansion. Its efficiency is demonstrated by
the exact UCCSD simulation of H;4 in the STO-3G basis (32
qubits), H, in the cc-pVTZ basis (56 qubits), and H,O in the 6-
31G(d) basis (34 qubits), requiring only moderate computa-
tional time and hardware.

The development of TENCIRCHEM is an ongoing process. In
the future, additional QPU engine configuration options will be
provided. Features such as support for higher order excitations,
the treatment of open-shell systems, algorithms for excited states
and periodic systems, algorithms for fault-tolerant quantum
computers, further performance optimization, and more code
examples reproducing published algorithms are also under active
consideration.
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